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Antitrust Notice

- The Casualty Actuarial Society is committed to adhering strictly
to the letter and spirit of the antitrust laws, Seminars conducted
under the auspices of the CAS are designed solely o provide a
forum for the expression of various points of view on topics
described in the programs or agendas for such meetings.

- Under no circumstances shall CAS seminars be used as a means
for competing companies or firms to reach any understanding —
expressed or implied — that restricts competition or in any way
impairs the ability of members to exercise independent business
judgment regarding matters affecting compeltition.

+  Itis the responsibility of all seminar participants to be aware of
antitrust regulations, to prevent any written or verbal discussions
that appcear Lo violate these laws, and to adhere in every respect
Lo the CAS anlitrust c\()mpli ance Pulit.:)!.




Survey

What was the MOST RECENT highly predictive piece of
data introduced in personal auto insurance rating? When?

What will the NEXT highly predictive piece of data be?
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Agenda

» Current state of vehicle pricing

* Vehicle History Data
* A Word on Mileage
* Relevance of Non-Mileage Vehicle History Data

» TransUnion Vehicle History Score

Predictive Power for Rating (All the Lift Charts)
* Insurance Uses of Vehicle History Score

e Summary
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Vehicle pricing lags in sophistication but is

improving

Current State in Vehicle Rating TransUnion Solution

Most carriers use industry standards

* Vehicle Age, Symbols, Usage, Mileage

Gaps

* Limited differentiation from carrier to
carrier

* Insufficient segmentation at
Make/Model/Model Year level

* Self reported mileage and usage is
unreliable.

Telematics data is emerging

* Accurate measure of how a vehicle is
driven

Issues

* Costly to gather, analyze & implement

¢ Consumer privacy issues

Vehicle history data from Carfax
* Damage history

* Mileage history

* Ownership history

* Usage history

¢ Title history

Vehicle Score that enhances current Pricing Structure
* Can be used in addition to Symbol and Vehicle Age

Advantages
* Tied to a vehicle providing greater segmentation,
beyond Make/Model/Model year
* Inaddition to pricing, can be used in Underwriting to|
reject certain low frequency/high severity risks
O Salvage auction vehicles, previous severe frame
damage, branded title, etc.
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What is “traditional” data in vehicle pricing in

insurance?

Cars of the same Year, Make, Model and Trim level receive the

same relative price.

- VIN1 | 2010 |Honda | Accord—-Ex V6 |Base Premium -
— $500
ﬂ‘ VIN2 | 2010 | Honda Accord — Ex V6 Base Premium -
" : $500
i _ﬂ‘ VIN3 | 2010 |Honda | Accord—-ExV6 |Base Premium -

$500

a—

TransUnion

6 © 2012 TransUnion LLC All Rights Reserved




What is “traditional” data in vehicle pricing in
insurance?

Cars of the same Year, Make, Model and Trim level receive the
same relative price.

One Owner Multiple Owners
Clean Tlt|e Severe Frame Damage
Low Mileage Branded Title
4 TransUnion
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 Current state of vehicle pricing

* Vehicle History Data

* A Word on Mileage

* Relevance of Non-Mileage Vehicle History Data
» TransUnion Vehicle History Score

* Predictive Power for Rating (All the Lift Charts)

* Insurance Uses of Vehicle History Score

* Summary
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How is the vehicle history data collected?

Service &
Repair
J —

Dealerships State DMVs
L]

\ Police /
Reports

a

Emissions/

Inspection
Stations

Is any of this information predictive of insurance loss?
4" TransUnion
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Mileage Survey ... Be Honest

insurer than you are driving?

insurer?

Who among you reports a HIGHER mileage to your auto

Who among you reports ACCURATE mileage to your auto

The rest of you are in good company!

4 TransUnion
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Insurance

Self-reported mileage is highly unreliable in

According to CARFAX, only 1 out
of 8 drivers that drive more than
21,000 miles report it to the
insurance carrier

® Accurate Mileage
= Reported Lower

25% of drivers have 6,000 or
more annual miles than reported
Their loss ratio is 12% higher
than average

@ Accurate Mileage
B Reported Less by At Least 6,000 Miles

4" TransUnion
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Self-reported vs. TU-estimated mileage as predictor

» Self-reported mileage does not differentiate risk

» TransUnion-estimated mileage is sharply predictive
(based on Carfax readings with complex TU logic)

Relative Loss Ratio & Exposures by Average Annual Miles

120 - 50.0%
I TUVHS % Premium

3 Self-Reported % Premium

Only 1% of
self-reported
premium

~4=TUVHS

" —m-Self-Reported

0-2999 3000-8999 9000-14999 15000-20999 21000+

% TransUnion
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Vehicles owned for long periods have better
loss results
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Vehicles with many former owners have poor
loss results
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Many low occurrence events are predictive of
future loss

These events occur on a small percentage of cars, and associate with
trends that are difficult to identify without a very large book of business

Prior non-severe accident Salvage auction vehicles

Branded title Total loss vehicles

Previous or current taxis Airbag deployed
5 4 :
Repossessed cars Prior severe frame damage
- -
%" TransUnion
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Agenda

 Current state of vehicle pricing
* Vehicle History Data
* A Word on Mileage

» Relevance of Non-Mileage Vehicle History Data

TransUnion Vehicle History Score

* Predictive Power for Rating (All the Lift Charts)

* Summary

* Insurance Uses of Vehicle History Score
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Highlights of TransUnion Vehicle History Score

Insurance
Performance
Analytics
Database
-
-

16% of Total

W

Analytics Novelty
Residual loss ratio target ll

Tweedie GLM

Insurance modeling
experts

Ungameable robustness

Predictive power for insurance

Consumer/regulatory friendliness

CIARIFIAN]

40,000+ Subscribers
% Dealerships

% Service / Repair

% State DMV'’s

<+ Auto Auctions

< Police Reports

+« Emission Inspections

8 billion+ VIN Records

U.S. Personal
Auto Market

TUVHS Predictive Score _

% Odometer Readings
% Ownership History
< Title Transfers

% Prior Damage

% Stolen / Salvaged

.
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Vehicle Score as Differentiator

Adding a vehicle history score to traditional vehicle pricing allows carriers to

further segment risk.

VIN1 [ 2010 | Honda | Accord — Ex Vehicle Score | Adjusted Premium
V6 - Excellent - $400

i ;
~" Original Low
‘ﬁ Owner Mileage

VIN 2 | 2010 | Honda | Accord — Ex Vehicle Score | Adjusted Premium

Clean
Title

|

V6 - Average - $500
- ¥ original Average (=181 2] Non Severe
B O Mileage BUMPER IR
e )
. VIN 3 | 2010 Honda | Accord — Ex Vehicle Score | Adjusted Premium
. % V6 - Poor - $600
= ) c Reported Stolen
—_— § Multiple ‘ High Vehicle
N ouners -
Mileage
. ‘% TransUnion
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Correlation with Symbols and Credit

What is the correlation between Vehicle History Score
and the new Verisk RiskAnalyzer Symbols?

0.009 Comp /-0.004 Coll

(score built to complement existing Symbols)

What is the correlation between Vehicle History Score
and credit-based insurance risk score?

0.088

Vehicle History Score finds net-new
segmentation!

i TransUnion
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A vehicle history score demonstrates substantial
segmentation

1.60 25%
=i % of Prem e===| R Rel 147
1.40 13
1.23 L 20%

1.20
1.09
1.05 1.04
O'M
1.00

088 % - 15%

7908

0.77 0

0.80

9
0.60 10%

wniwald [elol Jo %

0.40
5%

Actual Loss Ratio Relativity

0.20

0.00 0%

S VP X0 0N D0 0N N0 e S
N >
R

Predicted Loss Ratio Group (Low to High; Premium percentiles)

TransUnion

21 © 2012 TransUnion LLC All Rights Reserved

[— _____________________________________________|
The score segments both new and renewal
business
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Independent carrier validations have shown

Vehicle History Score to be predictive
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Vehicle History Score is designed to be
implemented at the point of quote

* Rating or Tiers
—Add the score to symbol filings
—Add a “vehicle history” variable to their rating structure
—Use the score in their tier determination logic

» Company Placement & Underwriting
— Carriers that utilize a multi-company tactic can use the score to place
policies into the appropriately priced company
—Use a “Yes/No” filter to underwrite a percentage of risks out of their program
to improve loss results.

To gain the full benefit of the data, it needs to be utilized during the quoting process,
to maximize segmentation and the customer experience

* Renewal re-underwriting
—Vehicles that have significant deterioration in scores
—Retention measures for vehicles with significant improvements

&' TransUnion
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Summary
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Contact

Glenn Hofmann
VP Insurance Analytics, TransUnion

ghofman@transunion.com

% TransUnion
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The information works well on liability coverages
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The score works remarkably well on COMP coverage
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Collision coverage has less, but still substantial,
lift and segmentation
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The score also works well on ancillary coverages,
including PIP
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