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The Time Is Now!
Driving Change: Telematics and AI in Commercial Auto

Cletus Nunes
Dir. Commercial Auto Insurance

Cletusn@azuga.com
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THE CASE FOR ACTION CONTIUES 

*Fitch Ratings, US Commercial Auto Insurance Recovery May Prove Unsustainable, Jun 30, 2022

2021 – Covid brought a lower than 100% combined ratio for the first time in a decade*
2022 – Social and monetary inflation increasing need for reducing accidents
2023 – Customer fatigue and competitive forces expected to reduce rate momentum *
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5-Years Production Results Published by Philly May 2020 (Pre-covid lockdown)
Over 55,000 PHLY customer vehicles, more than 600 million miles traveled 

Fleets with PHLYTRAC have seen a 19% reduction in loss frequency

BUT… COMMERICAL AUTO TELEMATICS PRICING AND SEGEMENATION WORKS

© Copyright 2022 Azuga. All rights reserved
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• Why does commercial auto’s  incurred losses continue to exceed 
estimates and reserves? 

• Why does risk underpricing continue?

• Why has UBI had ubiquitous adoption in personal lines insurance but 
slow adoption in commercial auto?

• Why do approaches that only recommend telematics often fail?

• What is working and why should it matter?

QUESTIONS WE CONSIDERED

© Copyright 2022 Azuga. All rights reserved
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Why no ubiquitous 
adoption of telematics in 

the commercial auto 
market? 

The commercial auto insurance 
industry has been hampered by 

antidotal failure concerns leaving 
much of the responsibly to risk 

management recommendations 
for fleets “to do the right thing.” 

Lack of data has prevented 
progress!

© Copyright 2022 Azuga. All rights reserved. Not for distribution without permission per Zurich NDA
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Telematics 
Referral

Low Take 
Rate

Not 
Enough 

Data 

Can’t 
Prove UBI 

Works

Carrier 
Puts of UBI 
Until Next 

Year

HOW THE TELEMATICS REFERAL MODEL CAUSES STAGNATION
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• Establish your own telematics or use what's out there? The great debate!

• Where do we start and is this our biggest priority for the year? 

• We have gotten away with raising rates, why worry?

• Stuck on rebating concerns? 

What is your company's reason for not advancing? 

SUFFERING FROM ANALYSIS PERALYSIS?

© Copyright 2022 Azuga. All rights reserved
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WE ARE IN A NEW ERA AND THE EVOLUTION HAS BEGUN

We are the forefront of a significant evolution in the commercial auto insurance market

Direct to customer did not have 
much appeal in commercial auto

Adoption was poor

Not enough specialty knowledge

Timing was an issue

More specialty understanding

More adaptive sales models

Bigger focus on data

Learned much from InsurTech 1.0

Timing is right

Carriers like Philadelphia insurance 
have been at commercial auto 
telematics for 8 years
Philadelphia forced other carriers to 
start looking telematics

Some top 20 carriers have been 
engaged in data projects for many 
years now, focusing on pricing and 
segmentation using telematics

Multi-TSP data ingestion and 
harmonization is aiding in rapid 
advancements

Telematics value proposition is 
much stronger than it was 4 years 
ago

New commercial auto scoring and 
rating products, e.g., Milliman. 

InsurTech 2.OInsurTech 1.0 Mainstream Carriers
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STATEGY FOR GETTING THE OGANIZIATION ONBOARD 

Leve rag e  ex is itn g  te le m atics  o r 
u se  yo u r TS P, b u t ke e p  it 
In cre m e n ta l, G ate d  an d  

M e aru e d  (IG M ).

Start Small

Use 3rd Party Scoring

Implement Driving a 
Behavior Policy

U se  ratin g  to o ls  like  M illim an ’s  
to  g e t in  th e  g am e  n ow ! 

W h y n o t h ave  yo u r cake  an d  
e at it to o .

B e fo re  yo u  kn ow  it, yo u  w ill 
h ave  a  n ew  p ric in g  an d  
se g m e n tatio n  m o d e l.

S tart g e ttin g  d ata  in h o u se  
n ow . Eve ry  m o n th  yo u  w ait 

yo u  are  fa llin g  b e h in d .

G e t in su re d s to  sh are  d ata , 
m e asu re , se t g atin g  crite ria  fo r 

th e  n ext p h ase  an d  g row  
in cre m e n ta lly. 

P rove  yo u r case !

Be Incremental 
Gain Data Insights

© Copyright 2022 Azuga. All rights reserved
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Incremental
- ID small group of targeted risks
- Define as a data project to create new products
- Carrier renumerates fleet to share driving data

Gated
- Involve UW, Actuary and Risk Mgt teams
- Define success criteria and ROI needed to expand 
project

Measured
- Each project is small and measured to control 
exposure
- Gates control progress, expansion and impact

IGM APPROACH

© Copyright 2022 Azuga. All rights reserved
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Project 1
Scop
Small

ROI:
Reduced claims
Adequate take rate
Cost to benefit analysis

2023 2024 2025

ROI:
Expand
Revise loss goals
Cost benefit analysis

Project 2
Increase Scope

Actuarial Modeling

Yes

Data Data

ROI:
Expand
Rate filings
Standardize

Project 3
Production

Yes

Data

IGM APPROACH

© Copyright 2022 Azuga. All rights reserved
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Explain what’s in it 
for the driver – how 

to talk to the drivers

Build trust 
through 

transparency

Be clear about the 
problem we all 

are facing

Sell partnership 
mindset

Discuss the 
fleet rewards –
“carrier skin in 

the game”

Reassure - the “Fail-
safe success 

approach”

Explain what’s in it 
for the fleet

TIP FOR SUCCESS: CREATE THE RIGHT FLEET MESSAGE!

© Copyright 2022 Azuga. All rights reserved
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Intelligent Solutions For Commercial Auto Insurance

Cletus Nunes
Dir. Commercial Auto Insurance

Cletusn@azuga.com

THANK YOU!

13

How to get started with commercial 
auto telematics

March 14, 2023
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Agenda
Commercial auto UBI exploration

§ Welcome/Introduction
§ Options to get into market

§ Data challenges
§ Data needed to build a score
§ Data needed to validate a score

Larry Baeder

Data Scientist
larry.baeder@milliman.com
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If you aren’t already convinced, look at the data!
Fits frequency 4X better than traditional rating variables

Increase pricing 
accuracy

§ Traditional Model* has 1.4x 
higher frequency for worst 
decile vs best

§ Adding Telematics Score 
has 6x lift across deciles

§ Corrects under/overpricing 
errors in current rating

§ Provides more accurate 
data for traditional ratings 
variables, such as garaging 
ZIP and radius

*Based on fleet size, territory, model year, vehicle 
type, radius, and industry code

n Actual
n With Telematics
n Without Telematics
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Let’s assume I’m convinced. What do I do?
What are the options and obstacles?

Get Data
- P artic ip atio n  D isco u n t

Build Score
- E n o u g h  d ata?
- Is  d ata  rep resen tative?

Go to Market 
with score

License
- H o w  d o  w e va lid ate?

Go to Market Get Data Build Score

Option 1 – Develop your own program:

Option 2 – License a third-party score:
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How do I deliver accurate, 
sophisticated rating needed to 
compete profitably?

There are many challenges to navigate with the data.
Commercial auto insurance is hungry for improved pricing based on data

Telematic Service 
Providers:

§ Azuga
§ GeoTab
§ Samsara
§ KeepTruckin
§ Webfleet
§ Zubie
§ Tesla
§ Platform Science

§ Verizon Connect
§ Lytx
§ EquipmentShare
§ InTouch GPS
§ PeopleNet

Changing 
market

§ O E M s

§ D iffe ren t dev ices

50 D ivergen t regu la to rs

Many D ivergen t T S P s

18



2/27/23

7

19

Addressing some of the challenges with the data

Challenges How addressed

Data challenges
§ Insurers have limited access to telematics data 

but have claims data.
§ Telematics companies have limited access to 

claim or validated crash data, but have the 
telematics data

§ Partner for 
multi-TSP ingestion

Regulatory challenges
§ In many states, insurers need to file actuarial 

support for the rates, including telematics-based 
risk scores

§ Most UBI models are based on personal auto 
data. Commercial is much more diverse in 
exposure and behavior

Advisory organization

Milliman AccuRate Fleet

19
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How much data do you need to build a score?
Telematics score for pricing commercial auto

110,000 
vehicles

275M 
trips

2.7B 
miles driven

10,000 
crashes

20
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Telematics score is validating well
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What if I don’t have 10,000 crashes?

You can build a simpler 
score, but:

Not as much lift (4X vs 
6X)

Significantly more  
noise in the results

22
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How much data do you need to validate a score?

Source: Azuga

You need a lot less data 
to validate a score than 
build a score.

Larger sample sizes 
needed to validate 
differences in severity

KM: 471 M
Trips: 27.9 M
Accidents: 
1,100

KM: 46.8 M
Trips: 2.8 M
Accidents: 115

KM: 260 M
Trips: 15.2 M
Accidents: 500

KM: 23 M
Trips: 1.4 M
Accidents: 56

23
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Getting started

Gather data

• Telematics pilot

• VIN matches with TSPs

• Claims/crashes

Assess data

• Sample size to build vs. 
validation/buy

• Selection of relativities and 
consideration or correlations 
with other rating variables

• Pricing/filing strategy 

Implement

• Rate (and model?) filings

• Implementation in premium 
calculation – IT integration or 
underwriter input?

24
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Commentary on live use cases of 
telematics in commercial insurance

25
PROPRIETARY & CONFIDENTIAL

Executive Summary

26

Challenges
Normalizing
Frequencies of data
Big data

Data science use cases
Operation types

Driver turnover
Safety platform

Driving results
Margin, behavior change, customer experience

Alex Carges
Co-founder & Head of 
Insurance Product
alex@nirvanatech.com

26

Telematics challenges from practitioners

27
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PROPRIETARY & CONFIDENTIAL

Wrangling TSPs is important and nuanced
Example: Trip complexity

28

With this many data feeds, it’s very easy to misinterpret signals

28
PROPRIETARY & CONFIDENTIAL

Details make a difference
Example: Trip complexity (cont)

29

The correct interpretation is 
material to the end result

Before

After

Conclusion

29

PROPRIETARY & CONFIDENTIAL

Dealing with inconsistent data features

30

Considerations

Start simple

Try mapping higher 
information scores to 

lower levels of 
information

Hierarchical score 
framework

Ensembling framework

TSP 1 TSP 2 TSP 3 TSP 4

Frequency 20/sec 1/sec 1/min 1/5min

GPS x x x x

Odometer x x

Events x x x

Engine log x x

Grain Raw Raw Raw Summary

Sampling Static Dynamic Static Dynamic

Etc…

30
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PROPRIETARY & CONFIDENTIAL

Handling telematics (big) data

31

Tips

Define and create data 
layers. Raw data should 
be left alone as much as 

possible

Process the data in 
stages and be able to 

resume

Have query controls. 
Runaway queries can 
cost $$$$$ 

If you are unsure how to 

proceed, find some help. 
People are out there 
expert in these problems

Answer these questions

Does your group have internal capabilities to create and 
connect to a multitude of APIs?

Have you designed data intake with automatic retries and 
audits features to help diagnose problems?

Do you have raw storage capabilities for terabytes / petabytes
of information? Do you have a query engine that can scan at 
high enough speeds for this scale?

Do you have distributed processing that auto scales and does 
not compete for resources with other services?
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Data science use cases

32

32

PROPRIETARY & CONFIDENTIAL

Unique exposure / operational features

33

Tactics

Step 1: create labels

Step 2: throw everything at 

it - get creative at feature 
generation!

Step 3: use unsupervised 
techniques vs highly 
structured / parameterized 
methods

33
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PROPRIETARY & CONFIDENTIAL

Changing exposures: Driver turnover

34

Insights

Sometimes the average isn’t 
the only interesting feature

Time series or sequential 

features can also be 
powerful 

VS

34
PROPRIETARY & CONFIDENTIAL

Score to action: Influencing behavior

35

Challenges

How do you break down a 
high dimensional score into 
actional subcomponents?

Stability vs recency

How do you create credibility 
with the customer?

35

Punchline

36
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PROPRIETARY & CONFIDENTIAL 37

The thorough use of telematics has made a positive impact on 
the business

Loss Ratio Improvement
Through disciplined UW enabled with 
validated and new information

Retention Improvement
Increased level of engagement is making 
a difference on customer renewal rates

Safety Improvement
Arming our customers with actionable 
insight to help their business
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