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FIGURE 1

ACCIDENT QUARTER RESIDUALS

The table also shows that an exponential regression explains well
the tapering off of the variance. Moreover, the variance can be
predicted for age 24 months, which is 0.597. We now can re-
model the variance of an observation as proportional not only
to the premium, but also to the fitted or predicted sample vari-
ances. The square roots of these new variances are found in the
column Scale B of Exhibit 3. For example, for AQ.Age 1.03, the
standard deviation of the error is proportional to the square root
of the product of 11,631,592 and 1.345, or 3,955.31.

The regression reweighted with Scale B1 diagonalized as ¤1,
produces new standardized residuals that are homoskedastic. The
estimate for ¯ changes negligibly (no change within the first ten
decimal places). The results of this regression are not shown;
however, Figure 2 contains some of the studentized residuals.
This exhibit shows that there is a relation between one studen-
tized residual and the next; viz., that the next studentized resid-














































































