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Historical Context

1996 CAS Geo-Coding Survey
37% of respondents reported they were currently using 
geo-coded data for the monitoring of catastrophe 
exposures

91% report that they believe geo-coded data will become 
useful in the monitoring of catastrophe exposures
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Historical Context

2008 E&Y Cat Exposure Data Quality Survey
Insured values

Always problematic 25%
Often problematic 50%
Sometimes problematic 17%
Rarely problematic 8%

Secondary Characteristics
Always problematic 33%
Often problematic 33%
Sometimes problematic 17%
Rarely problematic 17%
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Historical Context

ECRA (1960s)
Data = premium volume by class and state
“PML” as f(premium)

Travelers (1970s)
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Historical Context

CRESTA (1977)
Catastrophe Risk Evaluating & Standardising Target 

Accumulations
Standardized exposure information reporting
Gerling Global Re, Swiss Re, Munich Re



CRESTA reporting format
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Historical Context

Cat modeling companies (late 80s)
Initial reporting
Post-Andrew reporting
Post-Katrina reporting
Post-Ike reporting
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Historical Context

Brokers (late 90s)
Client modeling
Data enhancement
Cost advantage
Portfolio optimization
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Historical Context

Rating agencies (late 00s)
Level of geocoding
Construction, occupancy, year built, # stories, sq ft
Secondary characteristics
Replacement cost
Bulk entries / validation

C:\Documents and Settings\tim.aman\My Documents\conferences\care 2009\data quality\jpeg files\ambest.bmp
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Rating agency reporting format
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Rating agency reporting format
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Rating agency reporting format

Section D: Catastrophe Modeling & Data Quality
Question 13. Please disclose the percentage of property catastrophe exposed risks (as a % of total insured value, or TIV) that are geocoded according to the list below. Please disclose the % of data (as a % of TIV) that has been internally validated. 

Personal
Property (%)

Commercial
Property (%) Reinsurance (%)

1. Street Address 0.0% 0.0% 0.0%
2. Full post/zip code 0.0% 0.0% 0.0%
3. Partial post/zip code 0.0% 0.0% 0.0%
4. County/State 0.0% 0.0% 0.0%
5. Billing address rather than location of property 0.0% 0.0% 0.0%
6. Unknown 0.0% 0.0% 0.0%
7. % of the above that has been validated 0.0% 0.0% 0.0%

Question 14. What proportion of risks (as a % of TIV) contain the following data attributes? Please also disclose the % of data that has been bulk coded, and separately, has been internally validated for commercial insurance and reinsurance property risks

Personal
Property (%)

Commercial
Property (%) Reinsurance (%) Unknown (%) Commercial Reinsurance Commercial Reinsurance

1. Occupancy type 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
2. Construction age 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
3. Construction type 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
4. Number of stories 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
5. Square footage 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
6. Replacement value 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%

Question 15. What checks are in place to attest to the quality of data that has been bulk coded?

Validated Bulk Coded
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Is this enough?

Exposure information
Cat model output
Narrative
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Things we look for…

Appropriate data
Detailed exposure information

Geocoding quality
Level of resolution

Vulnerability quality
Construction, occupancy
Secondary modifiers

Reasonableness
ITV assumptions
Year-on-year comparisons
Original rates
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Things we should look for…

Quality of coding
Missing data
Data accuracy
Bulk / default coding
Homogeneity of exposures
“Lake Wobegon effect”

Quality of model for given region / peril
Industry exposure database
Consistency with experience
Implied severity distributions
Awareness of modeling limitations
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Things we should look for…

Sensitivity to model weaknesses
Large risks
High excess policies
Aggregate policies
Business interruption

Deductibles
Commodity prices

“Step function” exposure
“Loss compression”
Business interruption

Difficult-to-model exposures
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Things we should look for…

Impact of multiple events
Non-modeled perils
Policy terms & conditions

Reinsurance treaty
Original policies

Legal environment
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Things we should look for…

Quality of management
Stability of portfolio
Claims settlement practices
Reinsurer relationships
Buying rationale
Survival of company

Quality of broker / broking team
Willingness to answer questions
Ability to answer questions
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What we can do…

Industry exposure databases
Location level data
Market share

Sensitivity testing
Parameter uncertainty
Stressed assumptions
Correlations

Confidence intervals
Awareness of modeling limitations
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What we can do…

Credibility of experience
Historical events
Similar events

Manage PMLs and limits
“Model error”
Charge for limit
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What we can do…

Understand modeling
Work to improve modeling
Communicate modeling uncertainty and limitations
Learn from experience
Anticipate future lessons



Please visit our websites for more information 
on our company, products and team members:
www.montpelierre.bm
www.mre.bm
www.montpelier5151.co.uk
www.montpelierus.com
www.montpeliereuropa.ch

Montpelier House, 94 Pitts Bay Road, Pembroke, Bermuda
PO Box HM 2079, Hamilton, Bermuda, HMHX

Tel: (441) 296-5550
Fax: (441) 296-5551
Email: info@montpelierre.bm 
Web: www.montpelierre.bm
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Aesop, circa 600 BC:
“A one-ey’d Stag that was afraid of the Huntsmen at Land, 
kept a Watch that Way with T’other Eye, and fed with his 
Blind-side toward an Arm of the Sea, where he thought 
there was no Danger.  In this Prospect of Security, he was 
Struck with an Arrow from a Boat, and so ended his 
Days…”

The Moral:  We are liable to Many Unlucky Accidents that 
no Care or Foresight can Prevent:  But we are to provide 
however the Best we can against them, and leave the Rest 
to Providence.

Postscript


